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Development of data—driven feature extraction methods capable to exploit

the complementarity of multimodal sensor information
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Autonomous robots that operate in an environment coexisting with humans are expected to recognize

the surrounding environment accurately. To achieve object recognition, it is necessary to find the

unique features of the objects to be recognized. Prior research results have shown that high accuracy

can be achieved when multiple modality information is used. These results suggest that methods that

use multiple modalities information are effective to find the unique features. In this research,

to discuss about integrating each modality and extracting features, the overview of the system that

can extract the features of the objects to be recognized by integrating visual, tactile, and auditory

information as multimodal sensor information with the results of verification experiments is shown.
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